RS EHRRY S TR EE R

5RTT



TAITER

K3, RIESEHE, ItREHRHEREBIRATCTO, FHEXMVP,
105 EEEXMR FAZRIDLLLE, 2R, Java, NodelS. AFUE. RS EERENRE.

BBEENRAXZRER, AETEESHM K. KZNNAMRIHAR., FEHEFRITELE, ®NC. BX.
XERES IS B HEAIN A,

=8 (RIVREEE: BRERE) . (RIVIREER: TERE) . (RNUKREEE: SKFLRREY  ZXRES
#WCRCHMERS 1, EXEARIT. MABEE: http://fens.me ,

e ! @ gt TR . R for Programmers = R for Programmers
. o ‘ R for Programmers
n e — ] A (‘)u\man.:h‘w IIm«-\«:m-m Advanced Techniques Mastering the Tools
i QAT ST A t 04T 2 Applications 1a g
i RORERE gés RV 2B 48 £ RORzER ’
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NIETEE S

EEBEMIISRK, HIISRESEFMEERENNMEE, WikE. E. #FHiE. BX. BB, /5.
IEERUHNNFS. BENNANMER, MURET BRI RIARIR, BAR ERTRTEXRY
M=,

EWXAIHT (Quantitative Analysis of Textual Data) , —#rhYSI0, REMACEIRIIASTURETEX
A, quantedatl, RELUBMENFEAEENA, BHERENANINES, EFEREEES NN
NIERZE, MBANESHITEE. BRETLIRIIREE. BE. 9FEERPREMNDRADEINE
MRS, RMERZREREDHEHNERNINE, ERETEERINEERHS.
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jiebaREA?
ZBoiE(jiebaR), 2—AAEMHWIRESFNDAE, EEEANZEC++, BERcppHTARESL.

ZEDRETMITINY, MEREFMITERERN, BSEAEESEISE, 1LRAYRILIGEREEF
K,

B GithubAJttsiit: https://github.com/qinwf/jiebaR

jiebaR
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Y

R
> install. packages (" jiebaR”)
> library(” jiebaR”)

XIFERFERHI1To1E

> wk = worker ()

> wk["FHAE (R EFER) HBEE"]

U] CRES R WS HRE” TR CEA s XS A4H1TE
> wk[ "R ERESHIEERF”] > wk[’./idea. txt’ ]
(1] "3&” "&” "R” EETOH)T O TEET TRRPY [1] 7. /idea. segment. 2016-07—-20 23 25 34. txt”

" notepad idea. segment. 2016-07-20 23 25 34. txt

R A thz BB K7 = H& 7 R A BB B TE Q% &5 /1



pa g1 ]

EARworker()RERY, FRAISLFREMEINEjiebaREADIESIZE, jiebaREERHE T 7fh53175 |2

EaRE(MixSegment): 2P0 2iH5 1 EEEDAERRFHIER, SEaERERMERENRIUS/RRER
;_-:Fé

KiEERE(MPSegment) A RIETrieZ B RIS EBFIHTIISNE R, E0EHEERRIZL.
[RICE/REIKIEE (HMMSegment): 2RIEE T AR BIRSER EEZENHMMIREKHITHIR, TER
SRR ERE B EM S O MNRERAERENFHERAS. HMMZERdict/hmm_model.utf8i2{t,
SR ERviterbiEx,

F5[1RE(QuerySegment) . SoERESREHITYNA, BXITFYILRINBKAYE, &9FHFranEe
HER, RHEERFE.

FriciRE (tag)

Simhasht&ZY(simhash)

KRR (keywods)

mﬁmﬁﬁm



A S > wk = worker()
&’L‘Eﬁ > wk

Worker Type: Jieba Segment

o e . B ‘ B e R ‘ Default Method : mix # REER
worker (type = “mix”, dict = DICTPATH, hmm = HMMPATH, user = USERPATH, Detect Fncoding : TRUE  # MEHE
idf = IDFPATH, stop word = STOPPATH, write = T, gmax = 20, topn = b, Default Encoding: UTF-8 # UTF-8
R I 2 . = K SJ" bol B FALSE # Z:T%LU?"‘“ET
encoding = "UTF-8", detect = T, symbol = F, lines = let05, Sep vimetE . E‘E'ﬁ?
Output Path # R E S
output = NULL, bylines = F, user weight = “max”) Write File . TRUE  # B
By Lines : FALSE  # DMTHiH
Max Word Length : 20 B NEEIERKE
® type, Ell %55177'%;_—:@ Max Read Lines : let05 # S NIERAMHITH
« dict, RwiaH
° hmm, HMM*EE!E%?% Fixed Model Components:
* user, FBFAEL | s
° idf, |DFi§J§EE ‘3?101[] tool/R-3. 2. 3/1ib . {J;I;Dd t/jieba. dict. utf8”
N=— —5 = LLild /Tool/R—o. 2. 0/ 11Drary/s jlieba /A1CT/ J1eba. d1Cct. u
« stop_word, xR RELLiRE
* write, %‘Elz:?:{%;@f ﬁj\lﬁ]%%'—z.l)\jﬁ:, EkLAFALSE $user # R g
° qmaX: E%kﬁzlﬁlﬂg?—ﬁﬁ, %k]’*zoﬁ\iﬁ [1] “D:/tool/R-3.2.3/library/jiebaRD/dict/user. dict. utf8”
« topn, KHEEELBAIAS
. encod|ng, E@)\j1¢ﬁggﬂ?ﬂﬁg: %kiAUTF_8 $hmm & PRI D RBNFAEB AR A
. detect' %égﬁﬁg*ﬁﬁ, %ﬁiATRUE [1] “D:/tool/R-3.2.3/library/jiebaRD/dict/hmm model. utf8”

- symbol, EBREBMS, EAFALSE

+ lines, BRIFIIAHIBAITH, FTREIEICHHRIKE, KA e S
2255 .
* Output, Eﬂéﬂﬂjﬁg?é $user weight # F R R R
® bylines, ?E?i’iﬁbljtlj [1] “max”
-« user weight, HFPNE
$timestamp # I [E Rk

[1] 1469027302



HoEin) i

# BERNREEFEME
> show_dictpath()
[1] ”D:/tool/R-3.2.3/library/jiebaRD/dict”

# BEHEHEF
> dir (show dictpath())
[1] ”D:/tool/R-3.2.3/library/jiebaRD/dict”

[1] "backup. rda” “hmm model. utf8” “hmm model. zip”
[4] “idf. utf8” “idf. zip” “jieba. dict. utf8”
[7] ”jieba.dict.zip” “model.rda” “README. md”

[10] “stop_words.utf8” “user.dict.utf8”

ERREERT, BRTSIMUE.

jieba.dict.utf8, ZFIEHNH, FAMERZE, utf84miZAY

« hmm_model.utf8, ZFEIFE 1, FTlS/REIKREE,
utf84mAsHY

+ userdict.utf8, FIFIRIBEI {4, utf84RIBAY

- stop_words.utf8, {ZE1EEXH, utf84RASHY

- idfutf8, IDFiBkIE, utf8fmisay

- jieba.dict.zip, jieba.dict.utf8gYEFEE

« hmm_model.zip, hmm_model.utf8aY/E456

. idfzip, idfutfSRIEREE

- backup.rda, FGiFFF

« model.rda, FoF&

- README.md, #BASI4



H Fin) B

FTEE AR

" notepad user. utf8

RIES
RIFI R 25 B2 AR
FEGE

B

> wk = worker (user="user. utfg§)

> wk[’ . /idea. txt’ ]

[1] ”./idea. segment. 2016-07-21 11 14 24, txt”

XIEE R R EFNEOA TR EE

| user.utfd = || idea.segment.2016-07-20_23_25_34.txt __| idea.segment.2016-07-21_11_14_24.txt = » =t
1 ABC .
‘ wA® N
1 REMBRE BE|RSN xE ﬁl#- TRM BHE M TH Blf F M —R5 Ba |

ETAMNFI Nk £ i 3&7‘:1’57‘] SfuF —i] 85 —H 1
e Wtk AEE XS BEF ] % RIS EEmR 7 —1] ZFah @
gt B FE BE HERP L8 H& M A B MARBE M HE
%Ali; rx ik BT 2 F fE = Gt WilR 8 RIT BE BERM & 7 FA R
| =

BRI\ F P A

] user.utf x || idea.segment.2016-07-20_23_25_34.txt « ] idea.segment.2016-07-21_11_14_24.txt » =0

.\f}(" Q
1 |RB’H§§iﬂ*ﬂl¥§U SZE wE TRM BME FH TH gl#H £ M —¥~§'J EJR
T oM BB X 2B R M BA[RBS|FA ¥ —0] 5 —H %
o Wi NEE KT E?U%&ﬂ EE RBE B 7 —i] X Fah g #18
S B ME BE B 2 M T ﬁ%%AB’]Du)\RIn.:B"J?iETRIE
Fx i M#E E FRMK F R+ Wik HF RT &8 EEM & T #H RiES

B E X H [ 8

=

I3



1"'.“211 Jn‘?\

EILARES FITES, BIVFBEBEAERNE, SERIETHEREM theorands, FXESH
BRE, W 9, 15, @, B, {5, {5 SEARNERIEIE, SARUIE R, HTHER

HUZER, ERINABIESIEIMRZRIES, FLB(IER SRS EEH TS,

" notepad stop word. txt

&

KA

stop word &% filter segmentiRE]

> wk = worker (stop_word="stop_word. txt’ ) ) )

> segment<{-wk[“F¢= (REIRZIEE) HPEIFE"] > filter<—c ("fFE")

> segment > filter segment (segment, filter)

i]_i J'!R” 2” E{] r” UT]ZZE ” U}E:*E o :ng 2 {!E%” :1: ”R” 2 E(] 2 ” T&g 2 ”}E‘:*E g 2 :P; 2



eSS

inJHEY

KRN E N AL IR FEEERN— N,
A, IDF (Inverse Document Frequency) il%/ TSRS, tﬂ%ﬁﬁ\iﬁﬁiﬁﬂlﬂ%’?b’wﬁm,

FJJ:ﬂ BACTRAIBERR AL T IXESCERIFFE,
RAGE MRS, UNEEK,

TF-IDF = TF(ia#i) * 3%

=& (IDF)

BE M AR E TR

10

A4

freq(segment)

wk = worker()

segnent —wk ["RIVREFEERIILT, |

char freq
glFE 1
I 1
L 1
LN 1
R 3

™~ A |
i) 5
e 1
il 1
£l 1
{F 1
[} 1

1

# HUTF-IDF A5 [ % 1]

> keys = worker ("keywords”, topn=5)

# THE R EA

> vector keywords (segment, keys)

11.7392 8.97342 8.23425 8.2137 7.43298
ET TR TEAT TEET THRR

—PMEHERETF-IDFEZE.

X ERAEKAIKER. BE

REREk}

> scan(file="D:

+

+

Hrh, TF (Term Frequency) f%

mEA=E

I IDFRFEHEMARINE,

't00l/R-3. 2. 3/library/jiebaRD/dict/idf. utf8”

what=character (), nlines=50, sep="\n’,

encoding="utf-8", fileEncoding=" utf-8")

Read 50 items

[1]

r
L
L

—/ o/
O =1 U
[

[11]
[13]
[15]
[17]
[19]
[21]
[23]
[25]
[27]
[29]
[31]

"SEHEIBEAR 13, 900677652”
“EEE /R 13, 900677652”
“i_E 11.5027823792”
"9R1E 9. 21854642485”
74hEE 11.82123611037
TRHER 13.2075304714”
"HAEE N 10. 6425811147
“ELREE 13, 9006776527
"FLARIE 13, 9006776527
"M% 13.900677652”
"XIEF 12.8020653633”

“H 4 Ak 8.90346537821”

“Pi s 12. 51438329097
"UKR 12.2912397395”
“HNNE 12.8020653633"

"I ERAS 11, 82123611037

7 Ak 13, 9006776527
"EEZFN G 13.900677652"
"R 1229123973957
7k 11. 19262745097
“HAE R 11, 9547675029”
“IENE 11, 19262745097
“HENEE 13. 20753047147
"B 13. 20753047147
"% 12. 5143832909
"R AR 11, 5980925597
“IE L 4ER R 13, 20753047147
"HEf 12.8020653633"
"2 13. 900677652
"FEAiFF 11. 5980925597
"HR#HE 11. 9547675029”
“fEME X 13.2075304714”
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Quantedag{t4?

Quanteda2— MNAFEEMND T AZIEN RE. q Uan teaa

Quantitative Analysis of Textual Data

https://quanteda.io/

Quanteda\NEEFHREMZIT T XAMEIRE, mE LS LB TEXET.
- EREMAstringFA=FLHIETE

- WEBETFdata.table5Matrixg,

« F—HNERE

Quanteda Initiative BZPA TR, B—REEFFESFAR, BOOTHT FRXARSTERG. &
F=iRRE quanteda, readtext, spacyr, stopwords
https://quanteda.org/



A WIEES
FriquantedaftHEE L MEUDEIERE, BitAREAER SRS alER.

OIS SRSSEI N HAIE R 2] :

« corpus : EMIERIEXIS
« tokens : FIE— D TEXISR
« dfm : BIESAEIFIERERE
« fcm : BUEBSSFIEILINAES

- kwic : XEFEE

- dictionary : BllfEFH



XAz

quanteda XAEFEN T XALIE L =
MR, BoRAREEXANEGEE,
EEMNBEARNINREEHITT E. SRR

BRI

readtext, stopwords —,

quanteda.textstats
quanteda.textmodels 4.

quanteda.textplots ——
. . | AxEE
ggplot2, magrittr,stringr,plyr,dplyr,
reshape2,seededlda pareigy- =
pheatmap textstat_simil _‘
HAE T AHEME i EEER AL

clust plot

BRE% TR

dictionary ~
AP




N EERIRIEL

AK3XRquantedaBl ST EEX
A TRIBHK REXEL: tm,
tidytext. corpusFlkoRpus

Function
Create corpus

Bind/subset
corpora

Reshape corpus
into smaller units

Take random
sample of corpus
texts

Keywords-in-
context

Tokenize texts
Stem features

Define multi-word
features

Create document-

feature matrix

Create a feature
co-occurrence
matrix

Weight a dfm

Create a custom
dictionary

Included
dictionaries

quanteda
corpus()

corpus_subset()

corpus_reshape();

corpus_segment()

corpus_sample()

kwic()

tokens()
tokens_wordstem()

phrase()

dfm()

fem()

dfm_weight()

dictionary()

Lexicoder Sentiment
Dictionary

tm
Corpus()

tm_combine();
tm_filter()

tokenizer()

stemDocument()

TermDocumentMatrix()

weightTf();
weightTfldf()

unnest_tokens()

dictionary always a
data.frame object

AFINN, Bing, NRC

corpus koRpus NLTK

corpus_frame()  read.corp.custom() PlaintextCorpusReader()

text_split()

text_locate() common_contexts()
text_tokens() tokenize() nltk.word_tokenize
stem_snowball() treetag() stem()

MWETokenizer

term_matrix()

SentimentAnalyzer

AFINN
Sentiment
dictionary,
WordNet-Affect
Lexicon



VABRA: 83z 7o 5=

MIEESRuh b, RIEER 2dEo b BR
iz, FHTEIEIREN.

TR B, 3REE, FREL BRMZ
)%

b=t B

R

465 - 5104 . &R}

0 e

ER{iihid

BIfERES :

+ EREERBIS, SFEEESTHRN, iR

+ SRS

+ HER LTS, BURISIESEMANR, BTaAEEEL.

+ BEBRE A, ICHEERRAN T ERRIA,

+ BEB SEFIHTIAE.

PIfIER:

+ 3-5FHIRDITIERMTIFER, KFARIUEZMR.
+BERIES, sQL, £AETMKIA,

+

N

+ EORB—MTUMN—FISE, HSEES TR SEE.
+ BT RNFIMESHTRANNGE,

+ WS, BEFED, EENFIMANR,

ST

THH SR RS IEiER.

RRBITH, HERBURETHTRN, FERERL

WESRTHY. SRIZENEEER, MEEGECNER, EEINLTE

@ HIREERER

THRBME
0-20A

HUEIRSS

HE{CABRAZ

RS HT 25-35K

BRTIHEIRDHTID 25-

40K-175

Rl SEERORE 05 ANK . 1RE



ERVATEL S 10

# 0m B A 5
docs<-readtext("./job/*.txt",

docvarsfrom = "filenames",
encoding = "UTF-8") # /\ ],
HH##H AR S S

# 7k 57 35 4l > doc.smy<-summary(doc.corpus) ;doc.smy
pg#pppauuuy Zorpus consisting of 15 documents, showing 15 documents:

doc.corpus
doc.corpus
summary (dc

# 38 m SC A
docvars(dc
docvars(dc
docvars(dc
docvars(dc
salary<-st
docvars(dc
docvars(dc

OCooNOOUVITHS WN R

Text Types Tokens Sentences docvarl

. IXT
. IXT
. EXT
« EXL
. IXT
. IXT
< EXL
« EXE
- EXL
. IXT
. IXt
« EXT
- EXT
. IXT
. TXT

187
202
267
233
142
233
194
175

85
241
217
240
160
240
245

345
346
292
452
296
432
321
307
129
490
443
477
277
458
449

16
1§ |
1>

O OO0 UTOONNPHO0ORFE W

OooNOOUVTHAS WN R

YN HRAT Lo HiE
T EE BAEaHm 25-50k 14
M B Ao rif 20-35k 14
ek BdEaHrim 15-25K
BOSSH. Y %dE/r#rifi 14-15K
HARER BAEaH 20-40k 14
KBRS BTIE 20-40k 14
Flash Express Z bl 11-22k 16
Shopee ##iEsr#riii 25-50k 15
HEE e s BlE o prih 30-45k 14
BEHE HHEHHIH 25-50K
fOE BAEHTM 20-30Kk 14
HREER BdEHrIm 20-35k 15
BOSSH I #digsr#rifi 25-50Kk 16
Ll Bz Hrm 20-27K
{gF)g ZHE s Hrif 30-60K

[#min
25
20
15
14
20
20
11
25
30
25
20
20
25
20
30

[ #tmax
50
35
25
15
40
40

22
50
45
50
30
35k
50
27
60




AR IS3E S

# HEAEE
ggplot(data =

doc.smy, aes(x

- 4

Tokens, group = 1)) + geom_line() +

doc.

ggplot(data

geom_point()
pom_point()

500- . mnm_
df<-reshape(doc.sm T idvar = "1
row.names (df) <-NULL 50
df$time[which(df$tif <° 50 3
df$timelwhichdfiia]s 4 * 10
de f"i[ i‘t }3 300 - :U ® 11
df$ ff| 4 500 - 35 ®
df$ i 4 ' KE 30 : . ® i
df 200 - H ;7 ,‘ . 14
00 - 25- ] ‘ &
ggp‘l Ot ; 400 - . \ |
eom| & | .\ time
g < 11-22K 14 20 \ | o & & &
= 300 - / 15- max
L 14 - l / —* min
11 @
200 - BOSSEMEN Expredhopee {BFlE NNF] sURSE XE WERHESANE WE Ok BER HuHE
NI~
'y
BOSSHWBsh ExpresShopee  [BFS AR sRRE M et WA M Ak PeR HoEE

N




=Ml

HHH BB HABHRRHH 1Y

# 47 4

HHH BB HBHHHBHH LY
doc.tokens<-tokens(doc.corpus)
doc.tokens

doc.tokens.sentence <- tokens(doc.corpus, what
doc.tokens.sentence[1]

doc.tokens.character <- tokens(doc.corpus, what

doc.tokens.character[1]

"sentence')

"character")

BT

> doc.tokens.sentence[1]
Tokens consisting of 1 document and 7 docvars.
1.txt :

[1] "#EdiEsrbiim 25-50K-14%  ABior:  FEARISEIST s, riTis

[2] "W BTN, RER MR T BeAk, IR e, "

[3] "RERIAISEE . MR R, 0T AL
[4] "HEMS'SSCRY, SEHUR BB IS R i .

[5] "y s Pt ir.

[6] "RMZR:  3-SHEEURGHTAHSCH TIEEE, AR L .

RiADR

[7] "#ERIES, sqL, HITHL LA,

> doc.tokens.sentence <- tokens(doc.corpus, what = "sentence™)

[~

HEUE AT B, ViR s

BFoR

> doc.tokens<-tokens(doc.corpus)
> as.character(doc.tokens[1])
[1] n R RSl " "I5_50K" won 14"

[10] II: " "lg‘[j" HJ.L‘EII II,::,JiI' "Ij!l" II\”{%"
[19] IIJ\B-‘EH = |l|"4:JH "i’J.‘/I‘j" H*{EJ_QII ". n
[28] " \t[{; " Ilrl;‘i " " ;‘;JI j> " " :I:ill "A}“‘-,‘i "
[37] g " B R o L
[46] MERT TR T " "
[55] SR g e o "B
[64] o " T A Ly

[73] " " s "Hx

[82] o AT "o
[91] "o "3_5" " "3
[100] "o MRET O ORR MBLLE
[109] o "sqL" o

[118] "iL" o TEET UG

[127] "i9" oo, "

[136] ||l,|§;m(|{|| . "'Wif‘-ﬁ” e " H,_u 2
[145] " ,/‘\u Tk " n A:_}%u l|‘”,‘%_n nopn
[154] "*\II;H;" " Hi n " ") ))?u R R noow

J‘f‘" "m{'l'.“

5]

" "{'J\‘HIH

nakn

"

n “_{ f\’l;“ noon

"R "M
MikAT "k
LA
"“;H)j“ won
g
X “Hegp
"EH" "ge"
o "G
, "
" ik

> doc.tokens.character <- tokens(doc.corpus, what = "character")
> as.character(doc.tokens.character[1])

[l] " R 4" n“}u T TR A ugn n_mn ngn ugn nv non nqn ngqn

[21] "E" "R VBT CEU U VH" MMt U U, U OMgn v vpgv vge
[41 ", ™ "EE U T UJET U B B B S
[61] "HE™ "S{™ "3 CEFT N U, UOUEEN T OUECOUEET R
[BL] "fg™ ™" "Rr" ". " EEM CFM AT CHM it e v
[101] ", ™ "§E" "fF" " UHET U LT N Mfp oM Mg vggn ngge
[121] "B" "B" "E" "X "SR BT R S L 'R gt 5
[141] “R™ “fir™ Wy ugfe v mongn w_wo msw wgge g ugen o
[161] % i Wy min ‘ajw wgie Wi ™ .o Saw wipn n, @ ngle doge Sgn

[181] "4 ¥pv Wt @ige wfps BTN W W W WRGE g g dop g
[POX] “ie¥ WA Sy 6, i g0 S mh o W N g S g
[221] B, ™ g bi Sk g g i el Rgp BN R, Sl i gl gl
[241] "48" "HE" UHQT UMET MU CEEM UM M. vggn e Mppe v e
[261] "AI" "{" T M. UOURETOUBET BT BT OMLMOUHT R R O

MM M W fn
L/ 8 Iz T I.

nongne nggnonow
2% X :




FHIERRHE

Hin

> stopwords('english') > stopwords("zh", source = "misc")
[1] ™" "me" "my" "myself" ours" [11 "% RGeS " "y et - "R
[8] "ourselves" "you" "your" "yours ﬁ&ﬁm‘aﬁ [10] "l "R BT A A "TWXEWI;% "AHN
[15] "him" "his" "himself" "she "herself" [191 "ASkF" " At "Ap TR "R " " ﬂ " AT
[22] "it” s "itself”  "they then’ SIE et | B CRET RN R TRMT . URET URET
[29] "themselves" "what" "which" "who "whom" "this" "that" [371 "4 A AN AN " "It g S TR
[36] "these" "those" "am" "is "are" "was" "were" [46] "4 "Z’:iL" TN AT =1=h = IR N 4R
[43] "be" "been" "being" "have "has" "had" "having" g (551 """ "R R fEF e it AR tE S
[50] "do" "does" "did" "doing "would" "should" "could" [64] "j&" L "I NN "R LA s e "
[57] "ought" "i'm" "you're" "he "she's" "it's" "we're" (731 "4 "RE" il kN "‘Uf" "/,Jqﬁt" NI "hgEAE" "Rtz ARt
[64] "they're" "j'ye" "you've" "we've "they've" "qrd" "you'd" q [82] "Fi” A "BRIRT R H@Z" ”‘EZED" "HR" T ":‘
[71] "he'd" "she'd" "we'd" "they it "you'11" "he'11" [91] ) "E" e "I i A N " A
[78] "she'11" "we' 11" "they'11" "isn't "aren't" "wasn't" "weren't" [100] ::%" N |:'%"%,:' "_'/%'fm" ::,gl;" .'."g../“” ::g//h:: ::X'T“l ROR A
[85] "hasn't" "haven't" "hadn't" "doesn't" "don't" "didn't" "won't" [109] "Xﬁg” ”ﬁ%” "{‘ " "{;Efuj "%,Tt" "E(]ﬁ" ”931‘5" "TE" ALY
[92] "wouldn't" "shan't" "shouldn't" "can't" "cannot" "couldn't" "mustn’t" [118] ,,154,, ,,ig,, ,,E " " b " ,._ﬁA., ,,ﬁ_ﬁ,l} " f.]{ ..—'—HT”.. ..:uil:.
[99] "Tet's" "that's" "who's" "what's" "here's" "there's" "when's" [127] "ﬁj" "mf ,[”]_E,l; ‘F‘ﬁﬁf:l ﬂj']fE" e '%t‘ . ,,f ’.J, A "
[106] "where's" "why's" "how's" "a" an" "the" "and" [136] ,,’J.\f,, " Ij " . " ;E, . EE ,{% ,,/jE,HfI " W " ’IT%
[113] "but" " "or" "because" as" "until" "while" [145] ,,Jlm],,, ,,}ié,, ,,”\;JE,, ,,FLE,, ,,FL,, " ]\/\., " \:J,, " ,‘tj‘j‘i,, " i N
[120] "of" "at" "by" "for" "with" "about" "against" E}gg ?ﬁz% ﬁg ..I;%;'.'.‘t %{-ﬁ 'ﬁF'TE" %:l gg %E?P %'?.L
[127] "between" "into" "through" "during" "before" "after" "above" [175] ..;é.. WwiA T "l nr o ..m:,, ol e e =
> as. character(doc tokens[l]) > as.character(t4[1])
dh AR e . 38 T T S N .~ 7 g
[19] "l.;" ’\T}J” ¢ now nie [10] "srfr" " "R "”";‘E" "N " " ' '
[28] 0 R "E e R T "J\'\fl " " [19] "BEg:" ””THA e ko U " i i l !
[37] "u‘f}" ner g "R nom " u|||-- "“4'. [28] "#dE" Bt "i;ﬂﬁ" "AS " R et "R REET "t
[46] AT nom Et "m" ) nom (= [371 "“irA" URE " " e R AR "R "
[55] " R : B Wit 1 (461 i "k nog " "3o5n "B Y T nA L P
[64] ' "on e iRt B g "ow [551 "AkE" " "R" T "sqQL" R i "TH" RE
[73] ER ", e "R " S [641 "= "R REE A "ELE" R Stk "R et e
[82] o " "REE" ""J" AT rJJﬂ [73] "™ik&" negn U "o kg itk NI "EE "RIE"
L1000, . e ol O HOLOL MR et tme o CEURT O URET mgE AT Gt i
[118] * "R SRl o " . [100] ..I\‘.jmf.x " 1Lt " A " "";Ej[" II‘ll NeE "*i*" "
[127] u.‘YJ" W e I " 14 [109] %T Ganils EP?% "HE" "R "’ﬁ“ﬁr" "ﬁﬁ%" "EE" "o
[136] ' " nip g wow " s Y [118] "% "k "HET "L "k " [E R " "?Ei'T'é" "ER
[145] " e T AL 4 wow e [1271 "=" "RER" "R THRTVE" ket "ERAE" "EuE" "isAr" T
[154] "t "/H " g non SEE S T [136] "#kik" " YL i A "R "‘f'%n" "ER" "AME
[163] "fI" "EE" 3 BEN o "R [145] "&E#EF" e "R TR "EER" "t " "R T
[172] ' ", i “gAELT " "1 " "] [154] "% f" "E "R A "R " "k “%Eﬂ" nE "
[181] ' g " " g " [163] "#" g REETSPT I T QT A "ngE" YT
[190] "'!-."f‘-J." " “"‘f" - " ! ""“f_i" [172] "RAK" "R "ECE
[199] ' "Linux" sl e " i " "
[208] i3 HRAR" R e AN "t " g "t
[217] "im" " HE "ot AT "t i g "B LT
[226] "##E" "oy b "R ", " " NEES 'i" g "SR
[235] "dk%&" L Bl " e ", BEEE "R
[244] " " BE(LE o U B L 'A
[253] * ol it ilhic ", “igdr" “orTt




MNFEER

HRHRHHHHRHRHRHH
# LT F
N

kwic(t4, pattern
kwic(t4, pattern
kwic(t4, pattern
kwic(t4, pattern
kwic(t4, pattern
kwic(t4, pattern
kwic(t4, pattern

"ELVLET ) value
"\ 4", value
k", value
"E " value
'V% 7", value

"R|python|sql’
"flink|hadoop'

> kwic(t4, pattern =

"Rlpython[sqgl", valuetype =

Keyword-in-context with 38 matches.

FregexT

[1.txt, 57] IR TR R N N | R | &5 saL W b |'.,H,-
[1.txt, 59] 1 AR R 55 | sqQL | ¥ b TH il %
[3.txt, 79] 2200 K ﬁﬁ%iﬁfﬂi 2 sqQL | Hive spark F11nk Python Al A
[3.txt, 81] il b #4445 saL Hive | Spark | Flink Python A BT A
[3.txt, 83] #4245 sqQL Hive spark Flink | Python | WA G5 A4 BT M
[3.txt, 93] ofe TH # Excel | word | PPT 4p2y BifF o Edl
[4.txt, 23] ® oAb AP il BiE | ROI | 2 WRIiE B k%S o
[4.txt, 69] IERN B aodT EdE W | mysql | hive spark-sql #if] ifi5 shell
[4.txt, 71] SrHT HdE W mysql hive | spark-sql | 7Fif] i shell s #if
[4.txt, 79] shell 4 #k M2 scala | python | R matlab [62: T it o
[4.txt, 80] s il WH scala python | R | matlab [ [H %4
[4.txt, 95] A D W% excel | R | gnuplot py-matplot py-seaborn echarts tableau
[4.txt, 98] %! excel R gnuplot py-matplot | py-seaborn | echarts tableau |7 TH ¥
[4.txt, 99] excel R gnuplot py-matplot py-seaborn | echarts | tableau [i3% TH rfi pEE
[4.txt, 112] ARF £ il 4 k-means | LR | BDT RF SVM NN [5iF!
[4.txt, 114] il 7t k-means LR BDT | RF | SvM NN JEFL B JF
[5.txt, 91] i TS HdE sas | python | R 4 P& BT AE
[5.txt, 92] B 5t HiE sAs python | R | 40 FE OIS EdE AR
[6.txt, 94] ] R fibr RR O | sQL | #dE ¥t TH python hadoop
[6.txt, 98] gy sqL Hdln arbr TH | python | hadoop hive spark lnsr g
[6.txt, 101] srfir L1 python hadoop hive | spark | Jmgy g AL g AR
[7.txt, 54] bR N Tl | sqL | 4T Mf 25 Wim AR
[7.txt, 78] Mo BUR BdR Jf’ Flash | Express | R i fl: 2% HA
[8.txt, 58] Hop %% Fim | sqQL | BI tJ\ Tableau saiku #3545
[9.txt, 38] Y AR e e | sQL | EXCEL Python R #iil ML
[9.txt, 40] in AL A ‘M‘ SQL EXCEL | Python | R #iit LA = s
[9.txt, 41] 2L 7 SQL EXCEL Python | R | Sl Hléy & EdE SUREE
[10.txt, 139] HL ZE0S 2250 Hive | sQL | ¥iE FE Ay iES om
[11.txt, 110] Wb Wi £ B | sqQL | Hadoop #ff %% hive shell
[11.txt, 122] 7Y \“5 Excel PPT SAS | R | Python #rfir TH il Fig
[11.txt, 123] 4 Excel PPT SAS R | Python | b LH &t #ie &
[12.txt, 95] E SrbT £RNG K | hive-saL | s $RE0 TH J i
[12.txt, 103] ‘;wl: bt TH | python | R SAS spss ik ¥R
[12.txt, 104] J'IL python | R | sAs spss i w’*"fm %
[13.txt, 22] RN sq | python HlL#f £84% k% JE%
[13.txt, 23] : \ﬂk 4 2 sql | python | PLER Z25 k% “‘? T Ra RN
[14.txt, 125] ] :H' i arbr i2H | sSQL | a7 #Hdld A W 1k
[14.txt, 168] k% iy mi% iE Food | Platform | Mk ng @IF m§ &
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# A

HEHH AR R AR
doc.dfml<-dfm(doc. tokens)
doc.dfml

nfeat(doc.dfml)
featnames (doc.dfml)

doc.dfm<-dfm(t4)
doc.dfm

nfeat(doc.dfm)
featnames (doc.dfm)

topfeatures(doc.dfm, 200)

XEpEL,

> doc.dfml

Document-feature matrix of:

features

docs Bl 4B o0 25-50k . 14 FHi KA
1.txt 7 7 1 11 1 1
2.txt 10 10 1 01 1 1
3.txt 14 13 1 00 0 O
4.txt 11 8 2 00 0 O
5.txt 17 4 2 01 1 1
6.tXt 12 12 2 01 1 1

[ reached max_ndoc

EEHIE

> topfeatures(doc.dfm, 200)

HaE o o
172 134
B VgiE
17 17
ZN S I 3]
12 12
f ST H
10 10
EHx L
8 8
o s
7 6
oo A
6 6
I
5 5
25-50k S
4 4
¥ <
4 4
Al 1z
4 4
e TH
3 3
By N

s &k M6 e RS &R

87 30 27 22 21
5] 115 1 N oo @k HF
17 17 17 16 16
TH S VAR /S S i S S .t/ N
12 12 12 12 12
g 4 ¥ hHE i il
9 9 9 9 9
#¥ python  HE GlFH K i
8 8 8 8 8
wit  EE e M 4 =
6 6 6 6 6
i A H 3 )
6 6 6 6 5
WA WRE EME S R 44 Hy
5 5 5 5 5
s Mo gy dest #H
4 4 4 4 4
S % R BE R
4 4 4 4 4
S x  #ER ®/E BEe A
4 4 4 3 3
xR O 5 ik
3 3 3 3 3
=i RE O WER KZY shopee i
3 3 3 3 3

jm}

=
P

RO WNNN

9 more documents,

—T';‘.
1 4
1 2
1 0
011
0 2
1 0

reached max_nfeat

g gy I
20 20 20
¥R A
16 15 15
e &R h%E
12 12 11
[ S PR )
9 9 9
ro H3 K
8 7 7
FH O hive 9
6 6 6
& B E
5 5 5
o AL R
5 5 5
TR W
4 4 4
AN HLRI Tt
4 4 4
B OEM TG
3 3 3
JE * THE
3 3 3

15 documents, 1,185 features (82.78% sparse) and 7 docvars.

1,175 more features ]

BLE AN <1 N
19 19
N =34
14 13
i =
10 10
i ER
9 9
Jiitiia bi
7 7
ix  boss
6 6
excel TH
5 5
iER U S
5 5
Tk i
4 4
i fFe
4 4
£ 8 1
3 3
W5 B
3 3

17

12

10



B EREDH

E‘ > # ORI R AL
1 > dfm_group(doc.dfm,groups =

)]
Document-feature matrix of: 11 documents, 726 features (81.88% sparse) and 4 docvars.

features
docs Hole 4r#r 0fi 25-50k #i B8 5 %15 W% Wi
UiV o | N = AN 11-22k 10 8 1 01 0 0 0 5 0
# WX E A » 14-15k 11 8 2 0000 0 2 0
dfm_group(doc.dfm,groups = 1. %) 15-25k 14 13 1 0000 0 5 0
o = 20-27k 19 6 1 0000 0 8 O
dfm_group(doc.dfm,groups = 2 ) 20-30k 13 13 1 0100 0 8 0
20-35k 18 16 0 0 1 1 0 0 8 0
L [ reached max_ndoc ... 5 more documents, reached max_nfeat ... 716 more features ]
P? {é( ' Hﬂ jf 5[L > dfm_group(doc.dfm,groups = %+])
. _ . . Document-feature matrix of: 13 documents, 726 features (84.00% sparse) and 2 docvars.
di c1_: <- dicti onar‘y(\ Femturos
Tist(HY = c("EE","FHAM" "5+, docs Hiit avT N 25-50k F OB HOWE % HE
W = cCm & A, sk BOSS (11 14 10 3 1100 0 4 0
%5 = ek y AT, ), Flash Express 10 8 1 0100 0 5 0
% _ " nomn RTEeS BB shopee 0 8 1 1111 0 4 0
%fgﬁ - E("h:‘:'ldOOﬁ ,”SEark ) !:T-l-'?tf )’ i | 4 6 0 00 00 0 4 1
ImFE = C R Pvthon Java S S 10 10 1 0 1 1 0 0 6 0
( » Py ’ ,"s917))) T4 ] 35 20 2 0210 0 25 0
[ reached max_ndoc ... 7 more documents, reached max_nfeat ... 716 more features ]
tokens_lookup(t4,dictionary = dict) %%
0/ 0 . 4+
dfm()%>% N XA TS A
dfm—group(groups = I ﬁ > tokens_lookup(t4,dictionary = dict) %>%
+ dfm(Q)%>%
. . . + dfm_group(groups = [.%)
tokens_1 OOkUp(t4,d'| ct onary = di Ct) %>% Document-feature matrix of: 11 documents, 4 features (22.73% sparse) and 4 docvars.
CI'FM()Ey % fe‘altures _ .
0>70 docs Sk k% REUE SRR
— SN 11-22K 1 5 0 1
dfm_group(groups = 2 +]) R 03
15-25K 5 11 2 2
20-27K 1 11 0 1
20-30K 7 10 1 3
20-35k 1 9 0 2
reached max_ndoc ... 5 more documents ]

[

> tokens_lookup(t4,dictionary = dict) %>%

+  dfmQ%>%

+ dfm_group(groups = 2])

Document-feature matrix of: 13 documents, 4 features (23.08% sparse) and 2 docvars.

features
docs SOk k% REdE wE
BOSS 'L 4 4 0 5
Flash Express 1 5 0 1
Shopee 2 7 0 1
{5 ] 4 5 0 0
=] 1 6 0 0
HARER 2 28 0 4

[ reached max_ndoc ... 7 more documents ]



Wz

# 1 =
Tibrary("quanteda.textplots')
set.seed(1l)

textplot_wordcloud(doc.dfm, min_count = 3, random_order=TRUE,
rotation = 0.25, min_size = 1, max_size = 4,
color = RColorBrewer: :brewer.pal(8, "Dark2"))
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x i onE & g shopee Tin E Ew
M g 2 ozasooe 2828 5 o
e = N ” TE C = -
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=R #¥ & o7 g LT F z
- - ol L3 a =
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> [-%
g %% = 5 k5% Taiz TR X _ _
¥ FER T . 8> sas e _ = = o
e s = = s ==
2% = Gy A% ¢ £ "
3 S =% g T £i
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# FF 1F 3 O HE

R HH AR RS

fecmat<-fem(t4, context = "window", window = 5)
#fcmat<-fcm(t4, context = "document™)
#fcmat<-fem(t4, context = "window", count
feat <- names(topfeatures(fcmat, 50));feat
fcmat<-fem_select(fcmat, pattern = feat)
textplot_network(fcmat,min_freq = 0.5,vertex_labhelsize = 1.5 * T«

"weighted", window =

> feat <- names(topfeatures(fcmat, 50));feat

[L] "4 "MEB" HGET R Ueeket TRET UEAT E
[11] "ME" "EE" "ERT Rt W CRET WA R
[21] ll%‘ﬁa%" "*ﬁ:ﬁ_ﬂ_" "1"}&%“ "%%&" "TE‘*E—\‘" "7‘5-;?;" llul__ﬁll Ilgill

[31] "YiE" “MASY CHLY CRET UHY O UHIST UBEKT U

[411 "ibE" A" T RS UL UHCET CfEET UHY

2%

25
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# SCAHE A

Tibrary("quanteda.textstats")

simi <- textstat_simil(doc.dfm,margin = "documents™, method = "cosine")
simi

Tibrary(pheatmap)

pheatmap(as.matrix(simi))
pheatmap(as.matrix(simi),kmeans_k = 3)
bummary(doc.corpus)

—
- — -
07
Cluster: 1 Size: 11
06
05
Cluster: 2 Size: 2
04
II 03
Cluster: 3 Size: 2
s — — — - @ ~ o — N 2 w =) —- —
-~ W N O = L e = B L L e = = @
= — — — - = = = — o > = = = —
= g g g g & = = g = X X 3 3 gz

>

simi

textstat_simil

WO NG U R W

LIXt
LIXt
LIxt
LIXt
Ltxt
LIXtT
LIXt
Ltxt
LIxt

LExt
Ltxt
LExt
L txt
.txt
L IXT

1

COCO0OO0O0O0COCOoCOCOOOOr

object; method = "cosine"
LIxt 2.txt 3,.txt 4.txt 5.txt 6.txt 7.txt 8.txt 9.txt 10.txt 11.txt 12.txt 13.txt 14
.000 0.495 0.517 0.361 0.496 0.460 0.524 0.471 0.511 0.548 0.541 0.500 0.288
.495 1.000 0.630 0.477 0.623 0.695 0.704 0.589 0.696 0.661 0.665 0.756 0.316
.517 0.630 1.000 0.478 0.587 0.634 0.669 0.604 0.671 0.699 0.674 0.665 0.324
.361 0.477 0.478 1.000 0.448 0.528 0.470 0.486 0.543 0.513 0.546 0.538 0.532
.496 0.623 0.587 0.448 1.000 0.567 0.672 0.579 0.762 0.606 0.649 0.653 0.336
.460 0.695 0.634 0.528 0.567 1.000 0.657 0.567 0.667 0.702 0.659 0.732 0.329
.524 0.704 0.669 0.470 0.672 0.657 1.000 0.637 0.718 0.719 0.687 0.747 0.368
471 0.589 0.604 0.486 0.579 0.567 0.637 1.000 0.650 0.606 0.619 0.627 0.296
.511 0.696 0.671 0.543 0.762 0.667 0.718 0.650 1.000 0.718 0.721 0.748 0.285
.548 0.661 0.699 0.513 0.606 0.702 0.719 0.606 0.718 1.000 0.718 0.717 0.416
.541 0.665 0.674 0.546 0.649 0.659 0.687 0.619 0.721 0.718 1.000 0.695 0.352
.500 0.756 0.665 0.538 0.653 0.732 0.747 0.627 0.748 0.717 0.695 1.000 0.389
.288 0.316 0.324 0.532 0.336 0.329 0.368 0.296 0.285 0.416 0.352 0.389 1.000
474 0.593 0.643 0.457 0.693 0.601 0.639 0.576 0.715 0.637 0.617 0.650 0.289
.333 0.371 0.409 0.261 0.333 0.405 0.384 0.317 0.337 0.415 0.399 0.414 0.255
]
[ 1 [ [ T i

- w — —= =) ] -~ — =) — [ © — S

- - o = - - - N - o - - (2] -

®> @00 ® e . x®  x® R . ® . o . =

= = = % = = = % = ) = = % =

TR ERERE

(=R N=jeleloNejleNo oo o) =N=]

. IXT
474
.593
.643
.457
.693
.601
.639
576
.715
.637
.617
.650
.289
000
.397

Xyel

15.txt
.333
.371
.409
.261
.333
.405
.384
317
.337
415
.399
.414
.255
397
.000

HROoOOoOOoOQOOOOoOOOoOOoOOOoOOO

1txt
3txt
10.txt
11.txt
6.txt
2.txt
7 txt
12 txt
8 txt
14 txt
5ixt
9 txt
15.txt
4 txt
13.txt

09
0.8
07
0.6
05
04
03



MR R D

# HEpM
dfm_tmp <- dfm_trim(doc.dfm, min_termfreq = 3, min_docfreq = 3)
#arEEE - AH—tkdfm i HES
dist_tmp <- textstat_dist(dfm_weight(dfm_tmp, scheme = "prop"))
# BRESHMLARES
cluster_tmp <- hclust(as.dist(dist_tmp))
# % bR
cluster_tmp$labels <- docnames(dfm_tmp)
# 2z i IR K
plot(cluster_tmp, xlab = , sub = "",
main = "Euclidean Distance on Normalized Token Frequency")

i

Euclidean Distance on Normalized Token Frequency

u

(\!_

o
%‘le_l__ll
2 " |33

w & e e
_ 5 5
< @

w

o

o

14ixt —

Bixt —

7 Ixt

2.t

12 txt

10 txt

3xt

11 txt

—

1ixt

13 Ixt

15 It



R

# i) AH
tstat_sim <- textstat_simil(doc.dfm,
doc.dfm[, c("# 2", "W %", "Hi", " "python"," ¥ 1")],
method = "cosine", margin = "features")
lapply(as.list(tstat_sim), head, 10)|

> lapply(as.list(tstat_sim), head, 10)

$ 2 ds

g3 k%% AR 1 R I 2L i Bl TE
0.9208772 0.9143359 0.8818895 0.8818895 0.8683605 0.8578983 0.8481793 0.8475083 0.8230244 0.7989704
$l %

il 5 AR 1 i 2L 5 P i I AT Hr
0.9143359 0.8762302 0.8688141 0.8688141 0.8593080 0.8411582 0.8347749 0.7847975 0.7718348 0.7589811
$atit B

e sqT G g AF &3] Jin] 7L E¥5) G H
0.8318903 0.8134892 0.8072074 0.8056200 0.7921180 0.7921180 0.7921180 0.7921180 0.7787037 0.7592566
$python

P2 s 5! ifi r 24 (e AL, 2 iy
0.7500000 0.7175938 0.7144345 0.7071068 0.7071068 0.7071068 0.7071068 0.6933752 0.6859943 0.6773210
$7

AFY Ve Ak % T L 2L ) i 2l gt =

1.0000000 0.8818895 0.8688141 0.8660254 0.8660254 0.8498366 0.8484848 0.7947194 0.7921180 0.7701540



HE S

# CHL o AT

textstat_collocations(t4,
textstat_collocations(t4,
textstat_collocations(t4,

218 < Bx

> textstat_collocations(t4, size = 2, tolower =
collocation count count_nested length

1 HAR SrbT 71 0
2 giil o 10 0
3 fabs & 8 0
4 LA 8 0
5 g saL 5 0
6 Bl AR 5 0
7 3.4 8 0
8 python r 4 0
9 W B4 5 0
10 HF MK 4 0
11 O 4 0
12 HUF st 4 0

> textstat_collocations(t4, size = 2, min_count =
collocation count count_nested Tength

1 EdiE abr 71 0
2 it &= 10 0
3 s 17 0
4 b Bk 16 0
5 Srbr I 16 0
6 O 12 0
7 it R 10 0
8 AR F 12 0
9 HuE k% 11 0

TRUE)%>% head(20)

size = 2, tolower = TRUE) %>% head(20)
size = 2, min_count = 5, tolower
size = 4, tolower =

TRUE) %>% head(20)
Tambda z
2 3.235997 16.175443

2 6.332405 10.074274
2 5.086008 9.391429

2 8.137712 8.493181

2 6.014403 8.201504
2 5.376820 8.169258

2 7.859284 7.994207

2 6.577861 7.695874
2 5.940951 7.362149
2 5.301313 7.317599
2 4.747509 7.263357
2 5.152095 7.187585
10, tolower =
Tambda z
2 3.2359969 16.175443
2 6.3324054 10.074274
2 10.1296266 6.617342
2 10.9192797 6.611469
2 5.4030764 6.297439
2 9.3423649 6.211404
2 4.3904549 6.186266
2 11.7422499 5.812997
2 0.7522626 2.303406
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11
12
13
14
15
16
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20

TRUE)%>% head(20)
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textstat_collocations(t4, size

collocation count count_nested length
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3,

tolower = TRUE)%>% head(20)
Tambda
0 5 6.025990 0.8297966
5 5.935533 0.8172029
5 4.784137 0.7630884
5 4.674183 0.6496786
5 4.644775 0.6384106
5 4.499075 0.6316092
5 4.268934 0.5859561
5 3.694887 0.5656072
5 3.998755 0.5562987
5 4.003876 0.5501397
5 3.486710 0.4846473
5 3.295852 0.4519102
3.270135 0.4489844
2.653949 0.3691086
2.493268 0.3486200
5 2.422073 0.3479729
5 2.475326 0.3382926
5 2.292701 0.3311241
5 2.269683 0.3068753
5 2.077368 0.2806754
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5
5
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Tibrary("quanteda. textmodels")

tmod_wf <- textmodel_wordfish(doc.dfm, dir = c(2, 1))
textplot_scaleld(tmod_wf, groups docvars(doc.dfm, " T % "))
textplot_scaleld(tmod_wf, groups docvars(doc.dfm, "4 &5 "))

textplot_scaleld(tmod_wf, margin = "features",
h_igh'l_ighted — c(llﬁﬁ”, I'I'Ii%‘:’ll’ ”#le_j",”python”, ||r|'ll, ll*ﬁﬂll'
"@*ﬁ",”ﬂ'%"’ "Sq1”,"ﬁ§t%”,"%F‘Eq","l—ﬁiE","}Eﬁ)ﬂ”))

Beta: estimated feature marginal effects

theta: estimated document positions psi: estimated word fixed effects
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Estimated theta = 3 0
Estimated beta
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> summary(model_stm)

A topic model with 10 topics, 15 documents and a 156 word dictionary.

Topic 1 Top Words:
Highest Prob: #ifE, W%, 781, B, LH, BUE, |
FREX: BUREE, o, tH, 24, #, s, WH
Life: BUgiE, 2, B, o, b, &, KRB
Score: fU®[E, h, i, 7, W&, IE, &
Topic 2 Top Words:
Highest Prob: fI, wilk, &, {4, %, %, Ik
FREX: fi, Wk, fb, &, %, &5, %
Lift: L, 5, 25-50k, @ilk, #fare, DhEE, BLEE
score: fIt, mlk, #zh, B, 25-50k, Ihag, &it
Topic 3 Top Words:
Highest Prob: 3%, 7r#r, &K, %, i, %, HHE
FREX: “Ei%, @lHr, Mok, &, b, @, &
Life: W9k, ok, CERE, M, 0%, B, &4t
Score: H%%, HiE, M, @‘J%ﬁ, %ﬁ,_ 41,

Topic 6: 77°1fr, 2148, 128
Topic 9: #13, 9F, b5
Topic 10: ifT, #%4&, =i
Topic 1: 4%, b5, H4F
Topic 8: Ab5, 04, 2%
Topic 7: #%#&, AR, o4
Topic 3: &35&, 2, 65
Topic 2: 1, @k, 7
Topic 5: 77, §4E, EF
Topic 4: #14%&, 74, app

I I [ I [
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Expected Topic Proportions

> terms(model_Tlda, 10)

[1,]
[2,]
[3,]
[4,1]
[5,]
[6,]
7,1
(s,]
[9,]
[10,]
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